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EHOWIRETIE, TXA NI 7 A NVE2T v u—NT5Z LT, Sinf@lE—EiEHR
AT — HEEFD M — HEE SR A > S L >R EE R N >REGE ) X M T ETo 7T mE
A % HE)T{T 9 English/Japanese Text Keyword Analyzer (EJTKAN) &9 7 % & R p#Y —
VBT BIE - B LT, ARk, 2 — SARBTIED 1 O TH DRHGE ST VT
B U7-%. EJTKAN O & #/EFIE, EITKAN TERA L7 F8ERIE, 72, (£ 5EH
FED AAGEFEE W = — "2 ) (IJAS)  (GHH, 2020) (231 5 TEFEREED H AGEYH
FHEAREREFREDOA NV =TT 4V T TXA BRI LIy —ARAXT ¢ DFER
[ZDWTRT,

Abstract

The author developed and released a new text analytic tool called English/Japanese Text Keyword
Analyzer (EJTKAN). When a bunch of text files being uploaded, EJTKAN automatically performs
language type identification, morphological analysis, word extraction, word frequency analysis,
frequency comparison, calculation of the keyness statistics, and output of a list of keywords. This
paper provides an overview of a keyword analysis as one of the major corpus query techniques,
followed by an explanation of how to use EJTKAN as well as a set of keyness indices adopted by
EJTKAN. It also introduces the result of a case study based on the comparison of story-writing essays
produced by L1 Chinese students and native Japanese speakers. The data was taken from the

International Corpus of Japanese as a Second Language (I-JAS) (Sakoda, 2020).

1. [FLBIC

BEE T — /N AME T, LSRR ETH X —5 > b3 —/3R (targetcorpus) &, FREGELYE
Ll BB Ma—/ 3 (reference corpus) (ZHBLT 5T X TOFEOHEALEL L, A& IZHBW
THEICE L (F3072<) HBLL TV D5 RHEGEE (keyword) & U CHIHT 2 Fri¥GE
73T (keyword analysis) 23 A < FEEE S LT 5, Z Ui, Wordsmith Tools (Scot, 1996-present)
<> AntConc (Anthony, 2014-present) & VN5 72 2— S ZALEEH O =2 > 2 — & Y (concordancer)
IZRFEGE T EERN S B LD REINTWDH O TH D, FHEGESHTIL, 2 —/SA[TD
BARE DZZD A BEMEDHIEITAHE O REMEI &R EXRIWL L LT, #—F Y ha—XDOAE

S rnRA O R & Bk U 7o DD FE 2 FEINZIR D HE D & WD) JT, a— A5 F
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EELTEZL DAY v &R,

772, FEEGE T 24T 912X, 7F A MNT, fllx OFENEFHE BRI E LTHIY 550
HILTWD Z EAFMHREE R D720, FEOUIIVE N2 BAGED 22— /S AWFFRIZ I T FFH
FEOHTIFIGED L AR EER L TWRWE S IR 5, E7o, FrEGEORHNUTITAT S 22 Dff
RITOREZEMT 5 2 LI22505, 2L 22 A0S S BARET —2 2 i
FEGED T DERZEH LTWVWDHEERXHTHA I,

ZIT, EFEOMRETIE, FLOT XA N T 7 A N2T v 7 u— il SEEEhH
FE— TR AT — BLaRHh HH — HEE SRR A S B L - R B R R EE ) X D E
TO7 vt A% HE)TIT 9 English/Japanese Text Keyword Analyzer (EJTKAN) &5 > —/b
BT IZBR%E - ZABA L7z, EJTKAN |X Google Colaboratory (Google Colab) L@ —/L T,
%12 Y U — & L7z English/Japanese Word Frequency Table Generator (EJWFTG) (/11,2024 ;
Fil1,2025) Ofifitk>Y —v & UCILEMNT B,

EJTKAN O HEIIMEEOIHH THLE N, BRa— 2L b2 —4 v ha—"20
MITHEILZ (F307%<) BTV ZER, DF VI, 23— RICBIT DHEDE
WDIFTRNICAE TH D Z & BFHEGEDRIREN L 2 D720 | RV —)VITE T, KB MBI
EOREZDAES, MEEOFEN R REIZRTHRELZ —H TR Y—1L e )
i & FF,

AR, FFEGEE AT OB E i 7-1% . EITKAN OBEE, BETIE, 8H U - F8UE fie
ERITT D, i, AARGBEFEE 23— "AOT =L E NI — AR Z T 4 DFERITONT
HIET D,

2. FEES T
21 &

I — R AWFFEIZ BT B “keyword” &V 9 FEITZ R T, £ KWIC (keyword in context)
MBI T DIRBERIGRFE & FFEGEOHT TR D 7% A MEBGEZIE T AR5, £72, %,
FITR- T, BRI IEE (EOREER SREISBIEINTFE GHEREGEE) %
BIHEEnHY, Eoidid, F—7y ha— XA THEFICL S HBT 25 TIEORHKGE

(positive keyword) DAZHTHE L, EOFHEGREL . #—7 v b a— " RIZBWTHFH
W27 BT 5 TRDOEGE (negatlvekeyword)J EEDREEZETSGAER S D, A
TIE, DUF, TREGE) %2 TREGEHIICRIEN T EAOREREOMRIL] Vo BHTHWS

BB SI N E R L=, HEY 77 7—L K (4 o Mike Scott K78, =2—%
AWFFENT I T DRFEEEDOLBICEA L T, MERFI =L ZOAE O fEHBrORIL L LTo
BT T HI 7 TR | (keyness) DOFRIE L L CHEFR L., it o2 b L 7=
T, BENERETDH a2 a—% % Wordsmith Tools [ZFEIEL 7= 2 L2 —oDHE L 5
%o
Scott (1997) X, #—7%F" v b a— SRZBWTRFRZBERMEZ T b O 2 FFEGE
FLTWD,

(1) A key word may be defined as a word which occurs with unusual frequency in a
given text. This does not mean high frequency but unusual frequency, by
comparison with a reference corpus of some kind. (Scott, 1997, p. 236).

Z—y ha—RANOHEENERTHLH LS I DI, B2Ra—RAIZBITAFE L
FEOBENSL HITHEM L CTWAMERDH D, 2D L 2fERT HI2E. ZOREMEEBGE
?éﬁﬁ@ﬁ@ﬂﬁﬁ%%%f%éo



(2) In the case of a key word procedure such as that used in WordSmith, this
calculation is repeated for every single type in the text we are interested in. For
example, the frequency of THE in the text is compared with the frequency of THE
in the reference corpus, and the p value is then computed of any difference. If the
text has 9% of THE and the reference corpus has only 5% of THE, say, we might
get a p value suggesting that we can believe, with little risk of being wrong, that
in our text THE is prominent. This process is repeated with the frequencies of WAS,
the frequencies of IS, and so on until all word-forms have been examined. (Scott,
2010, p. 48)

PR E & X, FuOMBEET — 2 0 bR LIERERRHE (U4 /eSO b E
MR L) OEZBRILE LT, [2 a—RZB T 2HEMIARREITRN] ET50F
BEHA AT 52 L TR 20T iR (pfi) 2. ZOENR 731/ ST UL
MEFEHL, ZNARTHD EEMT L HOMHN TR E TH D,

PR E Tk, W), p<.05 (F721X.01, .001) 7= SN TWENENT, ZOHEM
OF A IR THIWT 200720, pESCEOREO G & L7 D RIEG & 2 BRI &
e, THEEIZZEZN S D060 120 Tl THEOZEN EORRERR O ZEf
FINCEHIE T A2 Z LN TE S, ZHICKY | EEOREEEL FHEEDO /N TT X 7 LT,
TR O T RS OBIE CRBGED 7 A NV Z ) U T B AT o720 T H T ENAREL 72D,

7ol2, WL XD LT 5 2D a— SR TE N LR O, @fl, 1TEE. BTk
ST, EOFKLITOWT, MEMRFES pEEFFHR TRDO D Z LITBEN TRV, £
Z T, WordSmith 72 Fd o a—F W32 ) LEstEOEEM LT 0 7T A4 LT
Do

(3) ... (WordSmith Tool has made) it a relatively easy and rapid task for a researcher
to calculate the incidences of each and every single word in the target data as well
as a comparative dataset, undertake statistical comparisons between indices of the
same words in order to establish significant differences, and the resulting
keywords ranked according to degrees of significance of difference. (Culpeper and
Demmen, 2015, p. 93)

bobt, ara—FZ Y ETOERENBEETH-TH, LD AT v hA R THUET
BIXENR SRV, ZOSICE LT, 2HETCICEEL 2T X 2 M7 — Z ITEEESHT O F1EN
BH SN TE R, WITNOLA S FHEGESHT RIS R T S AV REEGEE X, BFsEE
NENECEBICEEL L EX CWEENHEENICOE STV tnl, s
MREL L CWEBERNEEELE I W, ZHICX Y, BF9EEIT. B OERNRT X
A MERICEBR 2B TR ELNZE T TR, HERITER SV TW R ho 2 LW ESE
FEEFERL, TOMNEMFEBEL T, BHOOGHEIET A2 L8 TEH L9107 oTz,
ZH LT, FTORMENEL | GONDREROFAENHVE - T, FHEGESITIL (D7l E
HHGECRONGEREZ AR & LTz) a— R 2F3EICB W TUIR A RO FEO—2 L /e
7=DOTh b,

22 s

MERTELREEZBILE LT, ¥—4 v b a— SO TR 70 BE R 2~ 4 58 2 M8
(CHRH U FFBUEIEIC T 3% 2 73 % LW S REGEE AT O FEAIT S T b DTH 5703,
ZOEEIZHT > TE, W< 20, BRETTREFWOAAET D, 2 2Tl BIEIHER (Scott
and Tribble, 2006; Culpeper and Demmen, 2015; Moreno-Ortiz, 2024 |%7>) H&EI1ZL



20, (DBBa—"20ME, @QZHa— 20V A4 X QB — 2O, @R
FED AT G)FHEEED T MME, (B)VFHEGED /AN, (DFFHHIRE, LD 6 DORm 2R
B

221 BBa—/R\ADMHE

—IC, AERSG LT HEDE L —Fy ha— A X =4y F a—/RZADWEBEFIZT
DbDEBRA—RRLIES, ZoLE ZRa— 2OV TE, (DB k= —
R DRIHIERIFED 2 — SRR EHE 0, o, @QF—F >y T —2 2SR ED 5
RS Dy, WO RN D D,

(DIE, 72 & 21X B RO SFEH R E O FHYGEE 2~ 72\ 4 British National Corpus
(BNC) <° Corpus of Contemporary American English (COCA) 72 &, ¥k sSiaaeih%s
RFT DL HIND KB 7 — "X & T & KEOFEROERE (9558 HF
ol A FAEHBEOLO LT RENEVWIFER TH D, FREDOIERELFLHEL LT
[ERLE] O®ILEZRST L2\ THILE BNC X° COCA 72 E LT 5 Z L1272 DM,
THA] OFEREORZRMEZ R L7200 O THIVUIME O RGEHFRER & & i3 5135 2
WY THAD, £lo, WEETFEHEOERHEZ T WG E S | ARER R 0GE & O i 21T
WD THAUT BNC X° COCA 4l 523, Z< DGRE. Wh 5 JGEREEEE IZ X D[
FOELE DRI ZAT OIE O DARRIMADBH/TOENDL THH I,

Culpeper and Demmen (2015) %, Scott HRAFICHE KL L7295 2T, KRHE—ix=a—
N2z BZR A=A E, ZRaE— A2 =Ty ba—"ZEU LT —
ANRFDEENTNRNED, Z—4y ha— R 2D REE Kb U7 FrGEE 2Ty LI
<& LTnsg,

@iF, 72& 21X, BFAHLOEFEHREDOH T A HOHAREZEOREGELZTH T2 WG, At
vs AL THER T RE ) Aftvs TAFEZ RS 2ft) THETRENEWVWOIMETH D, &
& DR LW D BURZBEATIUTATE D, A (LOREEZ X0 BIfIZE L7z niX
BEBEEBREDONZ YA,

222 SBO—/IADHYA4 X

S a— 2 L U TR 2 — 225 56, —KAICE 2 1E, RETEREN
F O BEEEMICH T RFMEITEE D, L L, BEICHEE SN a— XA Thiu.,
HERGH) R D & DO T H AT RETH D, FEBR. 100 3k FLOB 22—/ & 1 {EFED
BNC # N ENZMa— A L7oRER, B0 SN DREEEN I E A EERD LR
STtV HrwtE s H 5 (Xiao and McEnery, 2005)

—h . S a— xR L UTCHRBUERR 2 — "2 260 5 5513, OTEERE ThH > TH ot
IXARETH D, bobk b, B LWONESTEEZ DU L, Db &—F vy b=
— XA ELFEFEDOYA XL STAE O DL NWTEAS D,

2.2.3 SO —/\X DI

B—4 sy N T—NADETF LT 53— SADONFRICONWTIE, BBz — 2] O
M, [JEHEa— 2| (benchmark corpus) (Pojanapunya and Todd, 2021), [it#g=— X
A : (comparative corpus) | (Culpeper and Demmen, 2015) & Wo7=3EL HWWHND,

7o b 2 IF, HEEBREORFEREREZ IR T 5 LW o e T HI THIVUX, mMFHF D 2 —X
ADMEMTIEZFAET, E606588—0 v beTNnELL0ESMRET D0 TMFC L
HFNE EOMBEICTE 2, 29 LIEHEAE, e — 2] LW S IFEOTT DX 9 73EY)
2h LALZRUY,

224 BHHEOAAT
7= & 21X, PR ORE R F OFREGE ZH~4L. economics, finance, stock, market



7 REONFICEBICEE L2 0721 Tl | FHEOMREREZR &, WA L ORFEMEN
WO b E Eh D, Scott and Tribble (2006) 13, HifE 2 H7% 7 F A h O (aboutness)
(CREMR T 2 HFMGE. %F & S (style) (CEIRT D HHEGE L FFA CTREIL TV 5,
A 1% Halliday (1994) O F 9 8L A Z H6E (ideational function) (ZBS#H 32 4
DT, W, FERICTHINATETH D, —FH, BHIISHEORBIERICEDL2 DT, £
K OYE., FRIOTHEBATZ 6D 70D, NEFHEGE & SEaRkEURFEGEIL. o4 . Zh
Zi, EBRIRIROAR & TRIAREIROYLE & v o B 2 BRE R,

225 BHHENHREM

FEGE L 13, BB T, 22— "R LR LT, ¥ —Fy ha— "2l CEHEICZ
TWDHIEOFRHEGEE (positive keywords) ZfETHANL WD, JAFTIE, #—F v ha—
INAMITCTHAE IV I WA DO RFEEE (negative keywords) © & £ 5, WA 1IR3 BIGR
WZhv, Z—F vy ha—Z2lOE L AOREGEEX. FhEh, 2 a— 2o/ L ED
FGE L 725,

226 FHEOSH

=l X, BOH/NRORFEEEE LTI L hOEMIB SN E LTH, TN YikEMNRE
ROFEARTIETH D Z L ORFETR <, BHEEOKEHR 2 L FED T — G2
WCHEP L TWAHTWAATREME S 8 5,

Scott and Tribble (2006)1%, # —7% v MAlTF A F O &IKRIZHTZ > ThiE 72 < HET 2
H D& 2RN (global) 7245 MGE. FrESE /2 SICRE L THEET 2 b0 %R (local)
TRREEGE EFFA TR L TWD, — IS, BBk UG XA RHEEE IS . WARHEGEE X
AT EGEE L RO N B TH D,

FEBEEODAIZONWTIE, 1 7F X MNOSMEZF TR, a—/"2ARNIEEN L EE
TXRARNEELWESMENRMEIZRD b D, BHEICEHL UL, ¥—F v ha—rx
EBMI O — R ZDOBEICHESSHRIEICR AT, MFICB TS L v U8 (SEnHEL LT
WAHT XA MNIOER) IS H LWHEEHE (Text Dispersion Keyness (Egbert and
Biber, 2019)7¢ &) ZHHBEOREL L THHTREZLE VWIS LRI TN D,

227 WMERE

FFRE R ORI OV TIE, (DIRERFHESRZE 2 DR EREE D 2, QBRERE
BELTCEOREZMEHAT L., @OMRERFTEICZE LM EZITO . @FREL LT
EOREZMEI I, LW ol THEERDDVENRS 5,

MIZHWTIE, EREIZB W T, ZRH D DE OB ORI & 722 5 ER G & 2
D DON—RATED, FFHEICIE, a— 2P A ANRKEL D LENERL, ZRHSCT <
72 7% (A EMHEDRKIESRERT D) EWOMERD D, ZOREEEZLE. EZRDD
DEDERTIRFRICNZ, FEICEDSLWOENRS L0/~ T2 EE (effect size) %
DFIEZME Y LWL H Y 5 5,

FRRETIE, T o TREMH B TAEEZEDAEAZREL, 20D DL EIZR- T,
BN R B A > THEBOZOK/NEHERT L LV T AR~ RN THY | R
FEICOWT Y, AR EZIRDZON—ISOHL ERDTHA I,

IO T, HL MBI HEHENTETZON A Z/FEHETH D, 2X2 D7 1 2FK
DEEMICTONT, 2= "ANLELNTFEAESE (2 DO — SAM THEIZEN WL
T DIREGRNIE LWGE D) FREOZEZRD D, 2Dk, HHNTZEND 0.5 251\ T
(Yates ffilE), —F L., THIECTEID, &EBIZ, SONIMEERM LIS ORI A FHK
FHETH D,

o712, = XABEEITRR T, 7ol 2, MR 1 LB 100 B AT S KO GG
—WRICHY DD, TOEESELZNL, a— AN EHEEELZFOEEHR S OTITARL .,



HHNTH, B (n) ZHE- TEML THLHE LZIEZ A0 H TUTE Y 28 kL
b, FIZT, ZEAMIHOWT, FEHHED In 2>5FHMED In 25 W TEAED In Z275F
TAEZH L, REZICEND 2R LTORIHECLE R & Th 5, A ZHHGt&IIET
BMEDY 5 RIS T HEAT RE TRV E W BN B2, SHECLEROEAIT D
OHIFINT 2N E D,

Hol b, WA TEEHE L I EFREITGIEXLEE L TBY , AEMEHE O
DO LR —THDHZ b, REL L TRERENWTZ, Culpeper (2009) 1%,
i 5 D RE 2 > CTRAMGE 2 H L CiliE &2 bl U728, FFIE 0 7 v 3 v 7 0N iic
EOHREET, RKEWRETRMhoT-EHREL TV D,

ST, WA ZFHGHE &L E R R, &I, SN U T B R R O R E
THHN, I, ZAUTKH Ly A ZFEEFE WD 35T LW 2 HESRE - 2 28 & B8 2 T
%o BEERRHET I IRENGR & e G TIROBRIZH Y . FEHEIZ Z > T Tk
FART D DI 7203, A AR ClEmE 2 [FRFICEE L, IR G O LR & b SR O LT
DILFRETH DA X[KAF (Bayes factor) DEIZ LV, T T — X BNIREEGL%2 ZFF L
TS R SEAGEE & ZHF LT D M E Bl 5, A XRFOfEIZW T O
A IEFT D [GEHL) OMEOfRE LB SND, FEGESITICBWTYH, I A _FBHGH&E
ORI LR EICR 2, A R T 2T T 1 U7 AFRESE (BIC) M5
REPFPLVWOEBELHENTWS (Wilson, 2013), BIC 1%, #RifEmELHE (AIC) %L
[k, ET KT 2HTULED LETNVOEMESDESWETRTIRE T, BIC OfEDV)
SNE | IREROMNLEFSND Z L1270 BHEDZE, DF 0 | BHEE IS W ST
Shd, ¥, BIC OENKE W ERINIARGRBINFF S D Z LI VBEEOZE, OF 0§
T RE VW SN D, FEEEDHTICASA Xt DB 2 2fAAT Z LI3A7E L
Bbins i, BFRIZEWT, BIC ZFEEITREL LCHEEL-aya—X o i3Z
EAERL . ZTOHAITHIKINTH D,

@GNZDONWT, FFEGEDHT TIET XA MIEEN DI TR TOFEEZIY LIF THREREMICAEE
UL, FFEEHEDOR—R LR ZOREERRLDITIEN, 20L&, MEELKE R
WLETEERVIRLTWD Z L2725, AEKEZ BDICROTWDLEGE, 1R THRE %
1179 72 LRIEIZ VA, TREMTRE GV IET 20, e cRIUE, IEFICTRE
D OMERZRBDTVWASEICHLR A D, ZOSEZRERTAIIEEIL,. L 2E, 2/@DT
XA MIEENDEHEOREY 100 5ETH LD (OFEVMEZ 100 B KT O Thiv
). HOEUOHEAKEE 5/100=0.05%I25] = FIF TE < (Bonferroni %) 72 & il 57>
D% S IE O 2 HELE LT D,

BB, WIZHoWT, HREL L TRLI VAR LDIE, #—4 vy ha—_ 2 L5
O — N ACRBITAFEOHEER (FERHEE) OkEaE->7-U A7k (risk ratio) ThH D, VU
AT, =5y Fa—"RZBTDHHLHEOMG N, BRI —/XADGE & AT
W7o TWDAENERTHEOT, Tl 2IE, 100 FEOT— AN 2580, HDHEOHE N X
—/7y MAITT 20 [B], ZHMAIT 10 A7~/ 5L, URAZHIF0.2+0.1=2 (2 EDE)
b, ZoIEn, VA7 AR (KX 2) ITEHT 52 & TEZEM L THRWVWLT <L
7= LogDice (Hardie,n.d.) 72 &6 H 5, £/, HHFEOMEZ MR & g U CHxHE
FEALT 2 D Tid7Ze <. BB b YRLEEHIE 2 0|\ T2 & bl L CTHsHE T 5 4 X
ELH D,

2.3 B DXENIZR 5 -ENMT

Culpeper and Demmen (2015) 1%, $H8GESHTAY 1990 (FRDOE OV IZara—F
ORERE & LT K LERD 7212, 12000 R TAE TITIRIRERAIIC A 72 & LT
%o 2010 FARLIRE, & U CHEHAEEO | T, FHEEDORE L LTV D038 LIWREN
RENTWDEDD, T — X AMFFRIZ I 2 FrEGEE T D A 72 05 15w <0 7 T L Bl
FIZBWTHIZEAEE DS TR,



LU I3 Bt FIAT S V7 AIFFESCHRIC B 2 R IEGE AT I B DRtk 0 — I TH 5.

(4) We can ... compare the frequencies of words in the target corpus (i.e. the corpus
which is being examined) with those in another corpus that represents some kind
of language standard (i.e. a reference corpus). By determining which words appear
unusually frequently in the target corpus compared to the reference corpus using
a statistical measure such as log likelihood, we can identify so-called keywords...
(Anthony, 2022, p. 109).

(5) Keyness statistics are generated by comparing a specialised corpus with a general
corpus. Words that appear significantly more frequently in the specialised corpus
are considered key to that corpus. (Rees, 2022, p. 399)

(6) [Keyword analysis] allows us to look at the frequency of items in one corpus in
comparison to another, normally a larger, reference corpus, and check which words
occur significantly more (positive keywords) or significantly less (negative
keywords) in our corpus compared to a reference corpus. The corpora must be
comparable to make keyness searches worthwhile, and it is important to be clear
about what we are comparing and why. For example, if we compare the USTC [i.e.
UCLan Speaking Test Corpus] data with another corpus of spoken learner data,
we need to ensure it contains data similar to interactive spoken exams and not
monologues. (Jones, 2022, pp. 130-131)

(7) The comparison between keywords in the target corpus and the keywords in the
reference corpus will determine the final keyword candidate list. For Baker (2004),
keywords direct ‘researchers to elements in texts that are unusually frequent (or
infrequent), helping to remove researcher bias and paving the way for more
complex analysis of linguistic phenomenon (p.348). Keywords can thus be used to
discover the lexical items that are characteristic of a target corpus when compared
to a reference corpus (Pérez-Paredes, 2020), identifying language use that is
salient ‘even though humans may not have noted them as especially frequent , so
they can provide a relatively objective way of helping to direct attention to parts of
the corpus that we wouldn’t have thought to consider’ (Baker et al. 2021, p. 56)....
Pérez-Paredes, 2024, p. 48)

EOFMINZENTH, FHEGEDHT O RO BARITE D 220D, WL DD sl TIEV F
Livb, F9. Ha—XZXOMEY FIZEAL T, WHARSEEICRT 5N (language
standard) (2, (B)23—#ME (general) (2, (6)23 KHRFME &tk rIiEME (comparable) (Z
SEL TS, ZBRa— " ZARKEBE— K2 — 2720 TR ARERE =z — 2 Thd
DVIDHZELaERDLE, FEGESHT OMEN T 2 — X2 ONERZRFELME (similar) (24
FE3NDENH@)DOFEMITEETH D,

WIZ ., FFEGEOHEIZ OV TR, @R FIZEHEE (unusually frequently) . (5) A=
(i (significantly more frequently) . (7)23FHZ & E  (especially frequent) & LT
W5, ZHHIFEWTIG IEOREGEIZIR - 7250k 72238, (BIIA B S M E £ 72 13K E

(significantly more or significantly less) & 3252 & T, AOFEGEICHE R LTV,

2.4 ERB
FEPNTZHDTHIL, @ESNIZbDTHI, HOLPLHFDT X b & kG LT 5 Fieh



T, MEROSEFITZ L HAA, BRBEHEE. L7, BURT., tha%, BT L, LRy
HZISHARETd D,

— s, FEEIE THIUT, M - R - PEHE— R - Py LTI L, 2D
FESEEZ I 3 2 & T, FZEOSHEHEHORMELZZmMICHL NI TH 2 L 75§“C?§< 7!0

SHHE CHONL, BMOSFEL EROSE., Wk - Tk - BRFEEICLDE 2 SEEE
HERFEEEICL D5 1 S, H 2 WIEZERFREROR L ORBEEZ T 32
ET, BMOBEEGGEOE Y FEWLNILZY, B 2 SiEEGoEEEET Ve L
V. B HAZEEE (English for Specific Purposes) DFFEICIEHA L7205 LT 5,

TR T HAUR, T2 & 2UE, ¥ = A 7 A TR Z RO Mo BIVEf O O R D
BIVEM &L U CHRFEGEZ LD 9 2 & T, v =A 7 AT OFEE L T2 2
EHTE D,

BURMIFE CHIVE, FEIEOEEH~ =7 = A MO O & el U CHRESGE %2 38
RLHZET, FBROBHAEHINLY (L0 EEICE 21X, BN AEFIECIAEFEL > LT
WAOBHRHIA A—) T 52N TE D,

HEFTHIUR, ~A 2 VT A ICBET 2HEE AT ¢ 7 Bl - RpRBINZ bbik U CRAEGEE A B
D Z T, HFERICBIT 2~V VT A DORERT V=T Fle, w4/ VT 41
XD N~ @,E\uﬁk@ﬁfbé’uﬂﬁﬁ"é EHTED,

T, EFEThIVUI, 2L XITAMEA~NZ FF A (ASD) i & JE ASD WD 3EEE % b
952 LT, ASD HOSFERM A L, W& s 2 b T& 5 (HAEDOEA.
ASD R ORFEIIT IR A R~ T REBEA S WO BT 5 Z b TN D),

PUF . I Hl O 3'(%733%1/\  ODFFEGEE ST OFEEG 2 R T Z 9, £7, Lutzky (2021)
13 X (0 Twitter) (Z&F 2FRATHEFIAE DY A — b & ZRUTxtT DS thoi(E> A
— NEED, *Bl—iﬁfttix L7=fE5, B&MAIZIZ no (no response/info/explanation 72 &) .
why. just 72 &M, MIZESAMANZIT hi, sorry, hear, hope 72 E3 % W2 L &R LT,

F 72, Williams (2021) %, K[EIZFF % English Language Unity Act (ELUA) %%
OHEMIR ESCHIROFEE OFGEZ 2 — /N2 L Tl#E & g L, BRRIRO 7w 21
I/my/me, common, it, together 73 &5, XFIROFFEIZIE students, only, programs, adult,
literacy, education 72 232\ 2 & %R Lto

X 51z, Wilkinson (2021) 1%, MHERIC L > CTRHETEEZZIT WD Uma s

(LGBT refugees and asylum seeker : LGBT RAS) ## U7=9<F D 2009 4-~2013 HD
B E L, 2014 $~2018 FEOFMFHF = — X2 L, 2009 FLIERIT gay <
homosexual 2 EDOFEN, 2014 FFLIERIZIE LGBT, gender 72 & DFENZ L E DR DK
MEEIC2 > T D 2 &%ﬁ%bfwéo

Williams <> Wilkinson O#FZEIL\ 1 5 HEHIRIFEEE 54T (critical discourse analysis :
CDA) OHEIFZADL LD TH DN, FatAIRFEGEE Ziim ORI 95 Z &L T, CDAIZHY
INHR FRORBIERLAMOFHES LW Iz 5 <R LTVD

3. EJTKAN OB ELIEEFIR

ATET CBEBL L 72 X 0 1, FFEGE TR R ICA 72 7T ¥ X MIFEFRIETH 503, HARGEIZ
SUVWTIE, %ﬁﬁf@@m@mkk&é%%%%ﬁ®$%ﬁ%ﬁ&&6k®\ﬁ%%ﬁuw
kﬁéuﬁﬁ&mmék\ﬁﬁﬁﬁﬁ®ﬁ%iwﬁm

EJTKAN OBFEIZH Tz > Tix 5 L7z HAGERFA ORI ZMET 2720, Saafai
EH%%f%ﬁﬁﬁﬁﬁﬁ*ﬁﬁhgﬁﬁﬁﬁrmﬁﬁﬁﬁEMﬁ%%ﬁ%JXFmﬁ
EHNEEEE BE L L7292 T, TEXAHALET VI AREBEREeDZ E 2 HfE LT,



1 EJTKAN O f

( & English/Japanese Text Keyword Analyzer (V1.0).ipynb ¥r & ZB@&EshEts
7M. @k RBFE BA SLEIL V- ALT

QavrFK + 3d—-F + 7F2+ b IARTOELEET ~ FS17icae—

a English/Japanese Text Keyword Analyzer (V1.0)

UTAfior—Ax27 4 Ol L LT, [ 5iEREEO A ARGEFHEM 2 — 2] (T-
JAS) GHH, 2020) ¥ v >rr— NRIZEENSH CCH (FEREREEFEE) 50 412X D
SW1 ¥ A7 (EV=v 7 khT—<IC L5 a~Dier R CEONKEIECTS) &, JIJ

(HAGERGESEE) 50 I C K DR —H A7 EHEE L, M7 ORSGEZ i Lz,

EJTKAN % H W = FGEEHTICRB O T, 22—~ UL 7 5 D1%, #hikd 2 Step 1
& Step 2 ®© 2 BEDOWEDHLTHD GILGHTEHAT XA T — 2% AFT 555D
Step 3 23 5),

3.1Step1 Y—ILDFSA T~ADIE—

EJTKAN i Google Colab D> — /L ThH 1 | FEEONIR T2 —H —1ffl # D Google KZ
A 7B/ T, TDH, 22— —XAHZD Google 7 7V > MZua /A LTY—
JNZT 78 A L%, Stepl L LT K 1HREHICHDL T RTA TIcat—] 2L T,
AR —=NVEBEZEHD RT A TRIFBHIC 2 B —F 20ERH D,

32Step2 Z7AIILDTy TA— K ELNE

WIZ, Step 2 7' 7T AOIFAT] OFEHIT, {THOMRZ V&7,
2 Iul T LADFELT

> Step2 (7OY Z LMDETT)

()} - koEF

ko, EEEHRITA 7T ) (TF A SPRFEENAARZE A HERRN D) OFiAIA
FMIEFEY  SETTHE, TRt F—Fy ba—R_2AHTXFA T v e —RT5%
0D (77 A NBR | RE VBT RINS,



X 3 #—4 v bha—R_2AHTFAMOT v a— NHH
> Step2 (704 5 LDET)

@ 1 KoET

(EEBHBENZT TN A =)
Collecting langdetect
Downloading langdetect-1.0,9. tar. gz (981 kB)

981.5/981.5 k
Preparing metadata (setup.py) ... done
Requirement already satisfied: six in /usr/local/lib/python3. 11/dist-packages (from langdetect)
Building wheels for collected packages: langdetect
Building wheel for langdetect (setup.py) ... done
Created wheel for langdetect: filename=langdetect-1.0.9-py3-none-any.whl size=993223 sha256=0
Stored in directory: /root/.cache/pip/wheels/0a/f2/b2/e5cad05801e05ebTcB8ed5b3bdbef1fcabed62T2
Successfully built langdetect
Installing collected packages: langdetect
Successfully installed langdetect-1.0.9

(F—HvhrF—FOTFuvIO—-F)
=REnTUELA

LR 1774 VER) 2L, FHOPCHIZHDL X~y ha—_X2HTXA 77
AN (TETHEIETH ZWV BEFEREO T 7 A L Th o T AR e CUOLEE R §E)
PIETH, 22Tk, IJASOCCHIZ L% SW1EH 50 7 7 A LV EIEET 5.

Ty ra— RRKD5 L SRERENOHBIN BB TIThi, TSR a — 2 HT X X
N7 v 7a—RT57200 [77 A VRIR) RYUREREIND,

X 4 FEEHGBIRERE R E ZRT =47 v 7 e — N
(SEEHIRD
CCH35-SW1. txt MARBEHNS [BFFE] OTFTFRFEHFHLE LR,

(BEBEF—Y0O 7w JIO—F)
BRINTOFEA

LD 77 ANV 2L T, ZRa—2HTXFA N7 74 (EREREL. 1{ET
HLEBETH L) ZHEELTCTY vy r— K95, ZZTid, IJAS ® JJJ I L5 SW1 jE
50 7 7 A WEIRET D,

ek, F—Ty ha—"2ll, ZRa— AL I, Ty TR —RT5TXTOTF A
k7 7 A4 UTFS IR TR SN TV D LENRDH H, UTFS LA DOLONREENTND
BAIZ= =050 T, UTFS ITEIE LT 9 2 THIEFITTILERD D,

ELL Ty 7Tu—RT&nHE, VAT A LT, AARBUEIZVNEZ MeCab (mecab-
python3) & UniDic (1.1.0) 2 BE TEA XFL, 7 F A MEHT, DWW T, FFEEOFHREN R S
nNs, 72, THiBhEeE] 145A) TG & oits () 1ZorEn oS sz
DIEBNLETH S,

—HEOMEENKE DL L LFOEENR Y 77 v T TFERENDIDT, FEHDT AT by
TNMRATFT D, 77 ANEAIET 74/ N TIHLE L7-H B & 72> T DA EHRICA T A]
BEThD,



¥ 5 FEGEMHTER S — hOF T n—

JrA &MY |ke3,words-u?191443.x|sx

Jr4IDEHE(T:  Microsoft Excel Worksheet (*.xlsx)

3.3Step 3 BMEFATIFARI7ZAILDA I O—FK

L b CHGE DT O FIEITE D W 7253, Z D% D Step 3 ((EE) 1IZBWT., JEEERMIT
DTXARNT AN EA T B—RTHIEHETED, 728 2013, i S 7 FFEGE D 5268
DT HFANTEAEMICED L ) IO TN EHER LIZWIEAIE, TEAT $ A b
NI T1F D NMEFITHA 9,

6 RIS AT —F DT a— R
> Step3 (ZTFIHTNIBEATFACDOEREA Y >O—FK)

. © 1-FoER

3% adding: tagged text/JJJOT-SWI_tagged. txt (deflated 73%)
adding: tagged_text/CCH17-SW1_tagged. txt (deflated 73%)
addinn: taanad tavt/11122-CW1 +annad +vt (daflatad T2

Ao rna— R UTERRBEITE A7 7 A CiE, TR_RS _#hF) ok sic, RER -
BB - E N T U H = N—=TORVBSTORBETRRER SN TV D, TOFEE TIHEENIT V8,
TUE=N— R BT IER LTy VI VAT, 7 4 VB2 ERRE TR, FHEGED
ED XD RATEIRTHEMN SN TV DR T2 2 &N TE %,



7T FRERMNTHEAT—H (. Xvra—RK77A)L)
8 TEHERMNTIH AT — 57 (f : Excel [ZHRRE L7=fRRE

]z Eti—l_tbi—l_%g%l A B c
W_SwW_x5304 = Ema= ) o5

3 K K %Eﬁ-[ 1) %%ﬁ/ - :n*f - ..:qu hd
4|70 B BREE 2 |CCH CCH &5
bl& & Bhzal 3 |SW SW £ 5
6| =T =1 25 =
AENEEED 4 K K &H

g%g%{ggm 5 | L) ERE

EGR : . =
10|8°8% shE ° s = We
L & i & BE
13| & =82 g5 . (%
o |#[B H2[Z =H
10 |% % BE
11 |8 B3 &
12 | T T EnE
13 W3 E2 |
14 (& & =3 =

B 8I%, 1THICAELITZEINL, 74 Z &2 TWh, ZHUky, & 2E X
ThaE D6 ° 1Y THRO LR 2Rt L2y aal 285 LT T8hE) 2ozl HLi
NTHILEHLTE D,

3.4 EJTKAN O H A
341 REMELHRE

H71& 1% Excel 7 7 A /WX 6 8D > — R TRERR SV TE Y | 1 A BTN 5142350 8%
ENTWD, 7 74/L b CTlEHEChE#E & (LLR) (4 B/VEE) @ 3.84 DL EORENFE
HEE L RE SN D, LLR O 3.84 X, ZHEILBMREZITORWEE DA EKNAE 5%IHY T
HETHY, DEDIT, BRI — " ZAHELOMIZARRENHDZ L EEKT D,

9 MRtV — b

FRIFE—F : H&5S
LLR4term Fm FRR:354

BEET 27 ) 2401 150 B 27 Il #(2):50
CCHI 5-SW it JA S-S bt
COHI 0-SW txt JII02 S bt
COHE4-SW txt JIBO-SWA bt
COHA0-SWA txt JJJ B3-S bt

EJTKAN (. filitk> — L CTh % EJWFTG OBR a2 FEBELTWATD, BA
FEALBL DA FHEGEICOW T, 2K BUBED v — Mo, RER., £JEE+ S, iEaEHR.
ﬁn%%‘%‘%‘i‘unuj@‘l%‘— RCORBEENH I END, F72, 6 KA DY — M, # LV ERE



E LR EEN I S D,
TielE, EBEOLAOREGEEY A FO—ETH D,

4 10 RF{SGEE H 700 SR O 5

A B C [u] E F G H J L ] M o Q@ R T
LLR(4=
termlo I word B+ —5(T Torget, R Reference) W T BB
i

2 @ A @ b @ az n Bz &% g5 9 # i Fq g

@ g e g @ g BE & 38 &Y =2 g1 = 3oz =%

E s 3 5 2 i 3 5 13 53 Ex 2 Fy Ee! o¥

B | 5 7 3 D 7 g 23 B @ B 4 E s 78

e 3 2 2 3 3 g 2 g HEU = = a = -] T

I -] 2 B I ] 2 » s wm  ad EL g 3 siE Oy

& ® 3 3 & B3 3 A 2 53 Ex s N I Eg 2

¥ E I & E % - OB 2 2 = "w 2a

& o g & s g Lo 5 = s =3

" & i & " &
1 CCH 332 6121 42 170 o 5853 000 162+ 32451 454 60 44555 43616 000 000 000 EE
| 25 &6 &121 1.08 34 ] 5853 .00 2 o+ 6151 8882 ass7 LER]] 000 000 200 698
38 4 21 105 33 0 853 000 o+ 5058 8622 8580 7650 000 000 000 654
4 34 35 6121 057 18 0 5853 000 17+ 3163 470 4697 3758 000 000 000 606
5iT& 33 6121 054 18 3 5853 005 18 + 2216 2800 2793 1854 1057 1052 95184 339
& B 25 6121 o041 13 1 56853 o0z 13+ 1838 2655 2650 17 2400 391 28054 458
712 285 6121 466 233 m 5853 282 223 + 2410 2486 23893 1454 162 158 5837 067
a 05 sat] a5 6121 057 21 ] 5853 Q10 20+ 1796 LE] 2142 1208 560 558 45779 248
1 B the 15 6121 025 [:] 0 5853 000 7o+ 1247 01 2013 1074 000 000 000 484
2 10 E% 23 6121 038 13 2 5853 003 12 + 1516 1883 1979 1040 11.08 100 999 85 346
11 28 " 6121 o018 6 ] 5653 000 5 + B68 147 1476 537 000 000 000 439
4 125 15 6121 025 B 1 5853 oo2 B + 1001 1410 1408 4 B 1438 1434 1,334 3 384
1300 10 6121 016 -] ] 56853 000 5 + i 1343 1342 41 000 000 000 426
14 H5 14 6121 023 B 1 5853 002 7 808 1289 1287 348 1342 1339 123870 ana
15 Ly 9 6121 01s ] o 5853 000 4 637 1208 1208 289 000 000 000 411

— FANT, fHEIE. TRE L) TEAT =% TREREROREM) . BIRERD
REfE] O 4 T N—TTEREINTND,

F9. TR L) HlzonTiX, MECLERREE 4 ') ORIEIZESS T 7 b
EEROFEDFRRIND,

I, THRAT =& ST, FESRICE S T—2 L LT #—F Yy ba—~zx ()
LM a— 2 (R) OB &IZHT HHFEME, o — SRR, MxHEE, (2 —/S2MIC
ZEMIRWEUE LG G 0) THRBEE (PHME) . £72. #—7 v b a— S ANFRRHEE )
BB o — R AR 25V EOIEADRNNTH STV D

IRRERRH R ] OREMEOETIE, 2 DIEIS, 74 “IRWEHE, MEBOLRE R (4
v, B ERRGENE (2 ') XA XKRF (BIC) OERERIND,

A0 [RER] OREMOETIE, EZ2GIEC, 4y X, U A7, AxHEEZE,
LogRatio, XL REDENE RS ND,

B DOREOREE & FHEIFIEICOW T, EET B A X —K5¥O Paul Rayson K5
H3BFE L 72 Log-likelihood and effect size calculator (UCREL NLP Group. n.d.) (Z¥E#L L

TW5, UFEFERENDIHEEHDOY AN THD, KxDOREOHEAKXIZOWTIIAREERKE
DOffFEESB I T2,

R 1IFEGEEY A MICR RSN DSHA DO
et ER OO OMHET — 4
T Freq T Wéuxnmiﬁr—
T Size : T 7B
T NormFreq : T PNAHXHEEE (%)
T ExpFreq : T T E
R Freq R Wéuxumﬁr—
R Size : R #2554
R NormPFreq : R WAHXIHEE (%)
R ExpFreq : R Fill#E
T NormFreq>R NormFreq: T/R 8% 48 7= 0D [EH&




FRERTE R R

x 2 A ZFHiitEYates FIEDH V)

LLR (4-term) : XIECLEE AR & (4 B )

LLR (2-term) : XIECLE AR & (2 )

BF : <1 XX+ Cf. Wilson (2013)

h R R

Odds Ratio : 4 Xt

Risk Ratio : UV A7tk

Freq Diff : FHx#H (%) Cf. Gabrielatos and Marchi (2012)
LogRatio : *H#{bAE*4HE . Cf. Hardie (n.d.)

Effect Size for LLR (ELL) : *I¥CLE & Cf. Johnston et al (2006)

BRERHFED Y b, JELELHRHREICOWTIL, 2X2 ONEIE @, 7r—ANRH—
Ty hBXOBHa— 2T, BHENXHEEE XDSMMEEL25) IZBWT, THfEEE
BWHEDZEZ 4 BN O 2 P BEI L TRFIT 2 4-term OFHHEA L | XBHEICEDS 2 &L

HEETD 2'term OFHAXICHESEEH L TW5, ITFEDOHFIETIE 4-term %2 H D
N TH D0, WEDHIETIE 2term ZHAVTZLDEH A0, WM FZEZ LTV
(AntConc TH ML ELLHEFEICHO W TIIMWENFEIEIN WD),

PRI LT, 5 A FR L CWD R, T, SHEMZEICIR & 9870 B T
SNTVWDHYRVHICERT A E L WEAS, VAZHE X, FHHBEEDkDZ & T, 22—
AP A RDZEHEFFE LI LT, #—5 >y ha—/R2RICBWT, YikiEn, 2o — 2
(AT Mg < HTWAD ) 2RI THH7-0, D79V, LogRatio (XU A7
A RS 2 ORI LT T, FEEO$"EE CTh 5 Andrew Hardie K23 H & DOBHZE L
Toa— AR T 7 v 74— CQPweb IZFEIEL-Z L HH D, BKD 22— S A5ET
K Lood D, LogRatio DENN0,1,2,3,4,5 THHETHE, ¥—F v ha—/RARN
TOFXHBEEN, B a— SR THART1F, 2%, 414, 8%, 1615, 322\ L%
7 (Hardie,n.d.), A v XL, SHEFREORRIZ, FBOMHE L 2 — S AREEHTIER <,
(KREEE — Yi%iBE) CTHIZ DO TH LN, BAROFKMBAITY A7 EIZFERETH DL, i
HITHARD & FHEEE =R L R B T HRICB W THE VAR ST
5HEITE AR,

3.4.2 BDYHGE

AR &L 512, EJTKAN Tid, sHCLERHRE 4 L) OEOBIETT 7%

HOT%éth# RPHOLE PR R T, SR ARIZI 1T 2 PRIE & SERMEO 34U D

HETHY, TNHFIZEAITZRW, DF 0| MPMCHFHZEORIATIE N2 2179 &
& 7o ha—R2TEL BB L T D IEORMGEE L, Ve < HBLL TV 5 ADRSGE
DAVELC->THRRISNTLE D,

% ZC, EJTKAN TliE, [FERT —F | SOKR®ZIZHD T4 —5 > b3 —/ AP E
NHSIRa— R ANRHEE %51V 2 fE] (TNormFreq >RNormFreq) OIE& DFH# %
Kot T, EEBICITIE O RFEGED RFEEENRIZ . FEICITADOREEED R U < RESENEIZIE
SEOMNEREL TND,

HABEEZ FIZAZ g— L L CWFIE, @HF 05 BnERano<, it %
B BADOFHEGEIC /2> TWNDH Z & %/Ta“o



11  EOFHEGEE & ADFHSGEDE R

z - =R = =

S8 §R 22 3=

T3 o = o i

o o m 8 5 I

2 ot = o E

S o o

il e e

ot o

il il
B8 HELF 340 + 125 4 103 4 03
67 JNAT + 1.25 403 4.03
68 o + 1.25 403 4.03
69 FELL + 125 4103 403
1 JJd = 305 31 42417 655
2 EALS - 25.24 3728 3722
3 £t - 25.24 3728 3722
4k = 3217 3323 3237
=3 = 2284 2582 2870
6T - 20.30 2075 1980

I EEREOT 7 A V2 —HIINT L TR

FREDEE . IEORBEEDRE L 725 69 iz T L) (LLR (4-term)=4.03, FEHEED
3.84 Ziio TR/ IME) R, ATICHRWERANROE | ADOFEEE (CCH Ml H=
JJJ DNEEER) NERIND, 1AL HARGEREEGE OfGE 2 — Ramrd [JJJ) T, L
T, TBRRE S THT) Z2EREL,

3.4.3 EJTKAN Calculation Sheet M & A

WordSmith <> AntConc 72 EFD 2> a— % %0, Fijk D Log-likelihood and effect size
calculator 72 & 25, FHEGEE BEiH L T< D Y — /Wi ic b 20, WThogs
B YV VAR TS REOHEXOFEMBNONET, BN T T v 7Ry 7 A7 0 03h
Thbd,

% Z T, EJTKAN Tit, KY—/LTEHL TS TR TOREEOFEREL = — Y —
WEPRICHER TEZ D L ) FHEROT R TEFEL L2 MEEH © EJTKAN Calculation Sheet
ZAER L. EJTKAN O EFBO About (%) 7BV 7 TH U m—RTEL X9
LTW5,

12 EJTKAN Calcuration File ® AF 5%
About

A=A (Target) T—2ELUEE (Reference) 7—F LT, £hfh. 104w 058 3 Zo7O—FK¥3
. BERERBIFEZTWV. =79 FRICEVWTERMNIDLEEICEC (Efizda) AbERELE
7. FHEEE. B (wordform). BEERE+&E. ERE(emma). ERE+SED 4 AN HDEINE
T FHEE (keyness) ORME LT, EBOEHHE (D Z8M. SBCHEE. ~1F ML) b Erd:
LogRatioftt) AL EE., F7 4/ Tit, HRASELERHE (LLR 4term) 25, B M F 53,8400
IKHB3BOEHALETH. Step2T MN—FOHETR) ERL. lIfilter = 3.84DEEEF ¥ 3 BEAHET ¥, AR T 2 4 l(xlsx)f
ARTHIO—FHElEET. BRICHNITA2Z A TEET. EREOHNIIC2WTIE. EJTKAN Calculation Sheet T ZRER < 1221,

Fiexs V7 LTHRGEEN 7 7 A V&2 T a— R LU TH &0 IR0 XKD 2R H H
T< %,



13 EJTKAN Calculation Sheet (V1.0)

English/Japanese Text Keyword Analyzer (EJTKAN) Calculation Sheet (V1.0) (2025/07/3 | 22B)

About: ZOY—HE, AT Y—LEJTKAN TRA L BEE RE (Mt - HRE) 0t TR A A ERLET, TEOHBOHAMBMEANSL, T L THESETIN. fTRInid. &
= MOEHRE, BRI LT, Log-likelihood and effect size calculator (https://ucrel.lancs.ac.uk/lIwizard.html) IZEMLTVET, (FASEE: P XF R B—BRFRAE iskwshin@gmail.com)

1
2 (%) FTREAFOHFATT. 0 I AHERKO:*SLEBAR v, o FTRHHLTLEYY,
3

4 (M)

5 X ZOit it

6 o—/82T 10 0] 100

7 2-/3ZR 20 80[ 100

8 &t 30 170] 200

9

10 THE [ A

1| TFreq (-4 ra—/SRB0REXEE) 10 (ERIE) - ZDBEOAELIZOLEEAALT

12 |RFreq (#8a-/S2A0OREXHEIE) 20 (RRE) {EICMOELOEIERTATES
13 |TSize (F—4v+ 100 (£R1E) HEXNET,

14 |RSize (#BI-/ AMHER 100 (RI1E)

15 | TNormFreq (§—4Fa—/ i/ EEXOBIHEE) 10.00% =TFreq / TSize

16 |RNormFreq (#Ma—/i2in@EXoEfiE) 20.00% =RFreq / RSize

17

18 (M)

L X Zoth [ it

20 2—+%2T 15 85| 100

21 2—+{ZR 15 85| 100

22 ait 30 170] 200

23

24 EHa i SRAE

25 | TExpFreq 15 =TSize * (TFreq + RFreq) / (TSize + RSize)

26 |RExpFreq 15 =RSize * (TFreq + RFreq) / (TSize + RSize)

27

28 | x 2: A4 —FHIHE(YatesHEHY)

29 [ I X | zofh | (%)

30 [2=rf2T | 1.35] 0.24) abs(x) x DREIHE

ERAEIZS LT, BEOERAEDIT TS 4 2OEL G a— R TBIT 51
,%@ EOSERE, XI5 a— S 2AREEK, 2o — SR B AR OEOME, 2o —/3 2

DRFEELD 4 O) ITfEZ ANDTET T, TRTOFHENTOND,

T REREZE L TWDL DT, 22— — iE@;ﬁKLT@ﬁ@REﬁ%ﬁéﬂf
WODERTE D249, 7ok, WD OBEEN 01272 55515, —fOREIZEBNT
EARFETE L 2d, ZOMEEMRT 5720, EJTKAN TiE, sH8E L. B/ miiE %
MMz TWBb, ZiUuTxs L. Calculation Sheet (28T H ., 1 & HO®@EHICIMZ., 28
(B =0 XfIShRE AR LT\ 5,

4. ’7‘—7\7\’5'7_:4' PEESEOAAEZEEDEREDORHEE

B D K D N /7 v B :l“—/\x% I-JAS O H[EFEHR FESEE (CCH) @ SW1 1’@(
EE :j‘_‘/\z% EIZIKEIII ih ujlé% (JJJ) » SW1 1’[53(& L/T Xféij:rttf‘tu+i (LLR 4- term)
ZHUEL LT CCH @ 4 E— FORHUGEE & Fritiiz BEfhH L2 & 2A LT O XL 9 ek
RE1T7,

Shail X TN CEFLE L, ShEALAME B 20 FEO A 2 R TR L T\ 5, 7ok,
AT LT T A T ATZ LIRS 2 — R (CCH_xxx, JJJ_yyy) Dt STV D720,
CCH & JJd BENENORFEGEED 1AL/ > T\ D,



* 2 FEGE & R

CCH DIEDF5{%GE GEFE ) CCH oA DOFGE ()
e} CCH, b, i, SA, AT&, B &, | JII, B K S HS, & &0 T
B, o, EE OB K| #EER B T FRBER R,
Wi, HDH, BV AD L Teh0 b | WAL S T U e SR,

N B
KB+ | CCH-4wl], LR, -4, & | JJI-4a, Ha T -8, gk 5 -#)
il Ao BRRWE, AT E -Bhwd, RE-daga, 3-8 | AL &-Bhe, & -BhE, C-BhEL -4

T A, x4 R4 | L MR-, BeaE. TR,
Bl BB, b 04, Vs | BRAE, TR B4E 05
. BH-BIE, A D -BhE 7= O-BhE | bR AS-BhE. h-4E. U a4
T, bR AR, He-&E. A | F -4 b -4E, 17255
43 7

FEE%E | CCH. . %5, SA. W (X, R, | JJJ, BT 5. &, k5. T, iR
UL AR % b, b5, Al | B, B TR ER AR, B
W, . 55, BIC . S, | 25, M S . oty VR,
BT, AUSAL

A H | COH% i, M Aml, S-Rer, & | JJd-4al. Hi 585, &-Bhad,

i BRI, W4T, (3B, ﬁf\‘% 2 -WE, C-BIF, MR- D
HF, FAE, BV -4F, RAE | BEL B-4E, BRAE. TR

NN ENE S TN - %nl *n’*é‘zb il A A LB, B4, 3-8
-8, A, Ho-ERER, B < | B4 Ee AR D -EhE B ONATe-EhE
B 32 DI RSB, AR L | ART-A . a4, RO R,
iz -4 il

RS R4, A, BhEhd, & | Bhad, Bhad, BREAEE, JKEhE

G, KGR, B, 4w, 5

O
O
=ty
2l

CCH & JJJ OB RO ZEZFHF LK LD Z LIIAMOBME LB 2 508, LRE2RLTE
¢, (DCCH 2 FFEiFE7mi13% 78 (~3 58 L&, ~L72h) ZiFteDiZk L, JIJ
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