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SNEREFEICBWT, BBEAZENT 2 NE2FEHERNHICOT H57-0ICI3FEE Y A N TH
A ENNCFLET 22T TR HBHBEEORWT L—XTRRT H5O0NEHETH 5, THF,
T RAWEPLIGERESE « 7 L — AU A RDPERINTOVDED, JRFEEE LV, 5K -
HEERE O X BINIHIRE CIX7e\, AWFSEClE, CEFR YMEHLYCEE - E 35438 CEFR-J Wordlist
EHEZ LS, FEICET2anr—2a ViERET L5720 0&R e banr— g -
T2ty FEEMT D, | EEDOA XV AHGES T 21— /XA T 2 British National Corpus
7> & Universal Dependencies (T 2SN i SUIEMT 217V e 7 L— A1) (5]« Ehal + 44 5l
TEA T+ 450) ([ZIEREE v FafhiH L7c, BHENICAERRanr—v g U 2B E
WEET H-OOFHIE & LT, HMILEHE MR FE- LR XTI\ T, FFED
CEFR-J Wordlist {ZJ&25W 72 CEFR LU, dEHEEE (M1, MI2, MI3, t-score, z-score ,
logDice, log-likelihood, chi-squared) & A Ef54%E (DP) OfF#HAEfT5 L7z,

1. [FL&HIC
an—va VISNEREFEICBWTEERMIE CTH D Z EITAL GBS TWH 03,

FHEHEICL > CTHERRE R TH 2 (Martinez and Murphy, 2011) , 2/ —3 5 %
BB 5ROk, ¥HENBFGT & a0y —va V2 T 5 EEOAE R 2
WZ & (Rogersa, Brizzarda, et. al., 2015) . £72fflxDavar— 3 OFEEH LT 5
WD DINT L Th D, AMFZETIE, ansr— 3 OFE L~ L% CEFR HEHLIEEE T
FEERAIEH LT 5 LRI RN G 2B Licansr—rvay - T—4 %
v NaBET AL THEEITREanr—ra VEEDOREDDOSHEHBTER 2ttt 25 2
LEENET D,

2. a5 —v3ay
2.1 a5 —Yarvéilx

an—va f, RLEEICE FEORBRRMEAGDE] ' ERIND (McCarthy &
O’Dell, 2017, p.4), T u/r—3 a NIFRICE > TERA RERN 2SN TVDHA, K& 2
OO TE D, MMEICERZY (7 LA Vda vy —HN7r Fe—F L a—x
ANEHRNC IS S BHEFRICE S E Y TREHHMNT 7a—FTH D (Evert, 2008; Granger &

T fukuda.kohei.rO[at]tufs.acjp ¥ [atlT@IT{E X H#i 2
T y.tono[at]tufs.ac.jp
I Ji3C I3 “a natural combination of words”



Paquot, 2008; Gablasova, Brezina & McEnery, 2017) 2, BiiF& O 7 7 1 —F TILiERE & ORERME

(compositionality) (Z#& H L. BH#5&4) (free combination) &A1 7 « A4 AOHEICALE S
LZb0LLTCansr—rarxifxd, ZORFTIIABRBEAALEanr—ar a7
A A LDFESEARE LTER O, FBENICanr—v a0 829 TROVBDEREIZ LT
XAd 5 Z ST TERN, BEOT 7 ua—F TlL, a— "ANTOIEEES, %ikd4 25k
EHEHEEZ AW, Uik L Canr— g RIS 5, RIS XD —EOREEES
RIF, FOEEZRE L TVLINEINTarsr—ra b2 TRVHEDIZKHT S5 Z
ENTEXD, HRETHEEIZTOHMIIE L TEDY | HOREZEN RO LERLI D%
172\ 2 7 BB B E T E L, B D D7 am r— 3 g IR AT
REL 72D, AR CIIHEMICA R anr—y a » &2 O HRICE U CEBIICHIETT
L OMEHERERMIET 200 EHNTH LI, BEOHFNT Fn—F Cans—
arERR D,

2.2 JL—XYRIHAE

PEEEHE B CITGEER O RITRWEL 2R/ E, 2 OHEHEEEBREINTE
7o (i, 2015), ZD%IT 1 D 1 DOHFEOR D BN FEHFEMOBATE & 25 TR,
Z MBS, TohTan s — g b a— " ZAPROBERZIED L TR ISR E T
WIZERD ATV o7z, BARTIHEENCT CICHBREBEERIC K D [THFfnTEH KRR ]

(1939) 3% U (WK Tid BBI Dictionary (revised edition) of English Word Combinations (1997)
the LTP Dictionary of Selected Collocations (1999) . Oxford Collocations Dictionary for Students of
English (2009), Longman Dictionary of Collocations & Thesaurus (2013) 72 &3 auv/lr— =
YOFEEL LTUIF LN TWAN, —J7 T Academic Formulas List (Simpson-Vlach & Ellis,
2010). Phrasal Expression List (Martinez & Schmitt,2012) O X 9 7piEsER LRI L L H7eam
=g R 7 L—AD Y A NORBIILBMKIIDOZ L THDH, FHZnboEETa
— /SR ORI n-gram fEREZNHEZ T L— XL LTOMREERE & £V 22 L OBl
MO ANFTIHET 5EHRZEM L TND, 2OV BMROHWTEELNEC L - TED
ELTHY, HDLERTRRIEROEAMTTIZBREATONTWDLONRBRTH S,

3. T—AEF

3.1 HiEEmd

A=A pbangy—a T 5 HEICIEIRELS 4 DOFENH D (Bhalla &
Klimcikova, 2019), (1) A > RO A& Wik, (2) n-gram, (3) [EHZFRELE POS
2 7 % T2 0515 (regex-over-pos) . (4) HESUEAT I K 2 #EaEK 7 BAFR (syntactic dependency)
ZRHLEERETHD, (1) O A2 Ry A0 AW TEFEEFLE (node) DRIEELGE
RS 5T 2 FIET, HEI—AAMRETR B LSHOONDFIETH D,
Sinclair (1991) IZXk2anmlr—ra v OERS ZOFELAHEE LTWD3, (2) @ n-gram
IMEE OB OB 202 It 2 FETH 5, (3) 1Xdhi¥ 7 L EHRBIC X
DG — IS Ko TREE O SUEBIRICH 25E AT 5 FIE T, 23— /SRR Web A

2 Bvert (2008) TiL, #& LD aw s —3 3 % empirical collocations” & FEA TUN 5,
3 Sinclair (1991) TiX= 1/ — = % “the occurrence of two or more words within a short
span of each other in a text” (p.170) & EF L T\ 5,



VB —T 2— AT D Sketch Engine ® Word Sketch #EHE CTHIH LT %  (Kilgarriff, Bisa
etal., 2014),

anl—a U IEE R LTEAFE TIE. (4) OFER RS BRI 2 m r— 2 3 VAl
HETHZENTEDLEV)ERN/ME LTS (Bartsch, Evert et al., 2014; Bhalla &
Klimcikova, 2019; Evert, Uhrig etal., 2017) , > T, ARWFFE TIERBIEL 2 — X 2\ THESCIRAT %2

1TV, R IRAFBIRICE S S L 7 L — AN ISR T Z 4t L7z, 4 [ElZE Python @ H R

SEBAVELT A4 7 Z ) Th B Stanza (Qi, Zhang etal., 2020) % K| U STREMNT 21T - 7=, Stanza
D& SCMT %313 Universal Dependencies treebanks W TR S TRV | MEEKGFREIHRO
fEHTHEFIE Universal Dependencies (23D 72 RR2372 2415 (de Marneffe, Manning et al.,
2021),

A lal DT — 2 #1224 7= > T, British National Corpus XML edition (BNC Consortium, 2007)
DT HXANT —F W, 7% A MRSk U CTHESURNT 2170, T #E R4 O T (a)
#aa+ B9, (b) B +460, (o) Aal+4e, (d) &@lE+EE, (e) I+ IEAE O
LT 2 L, RTOEEST OBELRM LY, 2B T LU HAThHIL - 5L
TW5,

3.1.1 EFA+HBREOHE

Stanza T O SUARHTHRE R 2 I obj DFR Y 32 1T Bf% (dependency relation) TiHlEiL TV %
ThE (head) LAKMFEZ [Ehi+ HAUGE) O~7 & LCHiItE L7z, 72, ZEEO®E &<
DEFE, A EMT DR EE & OPEMRE DB + B AFEDOT & L CHhi 3 572
I, nsubj:pass DFR Y 52 1T BIR TR TN T 2D EFE S AKAIFER, acl D4RV Z T BHR TR I
TS EREEARTEE (RAFEROFED §hai )8 xpos T VBN O b DICRE) & B+ A AJEED
T N Lﬂmﬁjbto F 72, conj DIRIFBIR Y 7 & VT, 1 SO#EENCH L CHEE
IRERWH S LTV D GHE B EE LT, BWEE L 72 24 51E upos D% 77 NOUN O 1 DI

@mb\ﬁ%ﬂ%lﬁ%ﬂiahfw&mo“ A%y FTldobj ¥ — MZZ o7 L
—LADT—HEELL TS

PUFIZ mm¢@%%@i#6m%r¢loa@ﬁ%imm@/&/w&774wgf
B b, 2 D HUBEOFEIMIIIEZ S IO Dl S D IERT &2 OBEOR Y Z RS 7T
Hb,

(1) The pictures look like war photos and the costs will not easily be assessed but the first estimates

to repair the damages run between $2.5 and $4 million. (W misc; JIB) (nsub:pass; assess +

cost) (obj; repair damage)

(2) The firm that makes the ties sold in the country's department stores, is optimistic about prospects
at home. (S brdcast news; K6H) (obj; make + tie) (acl; sell + tie)

(3) Ifanyone could post the half-time score and final result when it comes through I'd appreciate it.

(W email; J1G) (obj; post + score) (conj; post + result)

4 2ELWVALEE X Python 27— RBMD Z &,



(4) They therefore put forward a wide spectrum of policies to cover all politically significant
aspects of nationallife, as well as foreign affairs. (W ac polit law edu; GV5) (obj; put+ spectrum)

(obj; cover + aspect) (conj; cover + affair)

FFRD (1) ~ (@) 1Z4 ElofH 515 Thitt rTRE 2R BhE + HAUGEDOXT O —fFlZ R LT\ 5,

(3) DX 1 HOFENIKR L THEEEEERFNTWT, BRYEE & 72 2 45003 LR B
NTWDLEGETHHIMAIRETH 5, (4) DL DI aswellas THEIFXALTZ aspects & affairs Z [
F et cover DEHRGEE LTHIHT 226N TETWDH, b HAALZ O GIETHERET
1T72< . (4) OFITIE put & spectrum 238G+ HAJFERT EHE SN TV D, ZHUTERRIC
I% put forward & WO AJENFAIO HIFETH 2 LHETREDH Y | S HLIZITEHRANAEBES
% & spectrum £ U % policy & HIWUFE L T4 B EMTHDH, LLZHUL YA > R AN
YERWTHIHFETHREEETH Y | B IL4FZ F.OEE (node) & LTAESH S5 DANRY
THET 2EF A L725A. spectrum OFLEFE L LT put & cover B SN D Z &IC
725, hEDZ L EE 2D & FFERIFEBRICEE S - FER 0 057 23 el o R 2 72 <
HIE 72 BT 2T 52 ENAEETH DL B LD,

3.1.2 WEWA+BFADHME

Stanza COAESURHTHRE S 2 FH Y amod DR U 5217 BIFR THRE X TV 2 EFE & (K% TR
R+ 4450 OXT L LTIt L7z, 4 ald upos 73 NOUN D & DIZFRE L. R4 mCEA
ZFIEE ATV, conj DX 7 ZHG 1 DOL4FNEEOERFNP LIS N TWDH5E
LEBLTWS, T—F %y FTldamod DY — M Z DI 7 L— 2 DF — & 2Nk L T
W5,

(5) A fate worse than a cookbook. (W commerce; CBU) (amod; bad + fate)

(6) The thin, pale sunshine gave little warmth, but it was a welcome extension of the autumn, and

unusually fine for the last day of October. (W fict prose; GVT) (amod; thin + sunshine) (amod;

pale + sunshine) (amod; little + warmth) (amod; welcome + extention) (amod; last + day)

(7) It wasn't simply because he was ugly — he knew men equally ugly and ten times more lovable.

(W fict prose; GVT) (amod; ugly + man) (conj; ugly + lovable)

(8) Individual, social and historical contexts are also key. (W misc; G34) (amod; individual +

context) (conj; social + context) (conj; historical + context)

(5) OBEID L D ITBERDH A ORTOA G ZEMT 585 amod DFR Y 21T BILR TH
HAEETH D, (6) @ thin, pale DX HIZ 2 DOL4F N HRE LT 1 DOLFEZELM L T\ D
et amod OFR D Z T B CH G AIRE TH D, (7) OFITlE amod & conj D% 7 % H
W5 Z & Tugly & lovable Z men (Zx1 3 2 AR & L THICRZh L T\ 5, (8) DX
N1 ODAFNIK LT3 DDOERFNMEM L TWAHEE L3 bl T 22 LN TE D,



3.1.3 AA+AFOHE

Stanza “C DA SCREATHE F % VY compound D% U 52 1) BAFR THE X T % EFE L KT &
FhH U7, T8 - KFE S B2 upos TNOUN D& Z BN TWAS B DICRELTWD, =
NIZES>TTFRD 9) OXHCAF+L4FATI DOEHREZKR L TWET 2 iETH
5, T—X&¥ v FTlEnounmod DL — MIZDOF—F ZINEEL TV 5,

(9) One arises out of the need for state provision of education to be efficient and economical, which

means that policy considerations might outweigh individual parental preference. (W ac polit

law edu; ANS) (compound; state + provision) (compound; policy consideration)

3.1.4 EIFA+EFEOHE

Stanza C O SCHENTHE 5 2 FHV Y advmod DR Y 52 17 BAGR THREIZIL T D EEE & F DIRAFED
ZfhH L7, advmod @ & 7 IXRIGAA B8 2 &M 5355 7217 Tl < FTEARFSCM O FINF A&
T AEA b a0, TEED upos # 728 VERB D & DIZR-> TV 5, (KIFEEEOFED il
I% where 72 £ D X 9 IR BeRIRIGI A B 720N K 912, xpos D # 7753 RB,RBR,RBS D DIZ[R
S TW%, conj DIEFAFRRZ HWWT 1 SOEFNI L THEBORFINMEMT 2556 LB K
LCTW5, 7—#%¥ > h Tt advmod verb D> — MZZ D7 L —2 DT — X ZIE L
T,

(10) Saturday, 13th: Arrived at Delhi airport over two hours late, at 06.30. (W misc; KAN)

(advmod,; late + arrive)

(11) If she opts for cardiotocography it must be done properly and not haphazardly. (W ac medicine;
EA2) (advmod; do + properly) (conj; do + haphazardly)

3.1.5 ElFE+HEFADHME

Stanza TORESTAFATHE R A VY advmod DR Y 52 1T BAMR THREIZAL TV D FEFED 9 5 upos
2 AD] OH D L ZORFH ZREE AT O LR T & LT Lz, Bl +8E o
A & FBEICEIE O ShElIX RB, RBR, RBS (268> TV 5, conj DFR Y 2 F R ZFRIA LT 1
DOREFTIC L THBORIF N MEMT 256 bFE LTS, 7—% &y FTiX
advmod adj D> — MZZDOIE T L—2DFT —F ZULEL TV 5,

(12) The action of the sea, however, is concentrated within comparatively narrow limits. (W ac nat

science; GV0) (advmod; comparatively narrow)

(13) Initially the field-worker's relations with respondents in the field were especially and unusually

warm, which runs counter to the norm in ethnographic research. (W ac polit law edu; A5Y)

(advmod; initially + warm) (advmod; especially + warm) (conj; unusually + warm)

(13) OFITIX initially & warm Z BlF+EAmO~T & LTHIBL TW5, £h & RIRFZ
especially & unusually & warm ZE/fiT S & L CTHIET 2 2 LI L T\ 5,



3.2 HEHKEHER

a—R2EHWEREFNT e —FToanlr— g U TR < LR EE
(association measures; AM) SHWHILDS, ZHE THEA R AM BPIEINTEBY, ED
AM 3 r— g CHIIICE LT B R e STV D (e.g. Bvert, 2004), 2 HIY
Dan—ar A MERIZENTS, anrlr—ya UEfiiit OB AM 2 Hv T
WEREXET D Z L NE, Fl 2%, Ackermann & Chen (2013) X7 77 X v 7 J3EH (EAP)
Danlr—a A MERIZEBWT, MI & tscore # HWWCTHMEZZTE L, —EDEE M
ZTbDa Y X MZANLEMIZL TV,

AM [ZIEZNEIREED B 5 7o BIJIZIS U TEW T 5 _X& TH S (Brezina, 2018), 4
ZAE MI R z-score [ TIEAEEFE A MR ICE oI A~T 23l L9 VW — 5T, t-score IE1H
BARE R A MR IS E I~ T2 L TRV ME 23 (Evert, 2008; £7)11, 2008; Brezina,
2018), AMFZETIZT —2 &> FOFMENRZ DO BIIZIS U TLER AM ZRINTE D L9
W22 TOHE AT % LT MI, MI2, MI3, t-score, z-score, logDice, log-likelihood, chi-squared ™
8 OD AM Z R LIF# AT LTS,

AM OF NI | SRR OBE, a— RARFELEPLETH 5, AFFE ot
ELFEAD IR AE BRI L& 2 3L EERI T TdH 5728, Evert (2008) (28, FHERLE D
BAFE 1T a2 — A RKIC I 1T 2 MLFE OB E TliTe < E 7 L— A T LA T, o
7L —APNICHBLT 2 BEIC LTS, 7 —F &y N TiE, wl_in_rel & w2 _in_rel DFIA%
T L — AN TORRFREZ R L TV D, 3 — S AREERIL, MEERAFRERIC L D08
R CIIIE 7 L— 2O BRI TH D, R 1ITHE T L— 2B OHBREE TH 5,

K1 7 L — LBIRIEE

L7 L— A SR

Bhail + BHAUEE  (obj) 4,633,147
B+ 445 (amod) 5,188,122
£ +451  (nounmod) 2,295,774
AilE + 8 (advmod verb) 2,948,140
EllE + 455 (advmod adj) 890,696

3.3 HMERERE

HEMNCHRiEn 2T 212572 - TUIHE O BTl 7e < 84 & (dispersion) & 5 &
THLENEETH D, ZHETHBELZT TR anr—2a VIZHRARICEAD 2L TH
% (Rogersa, , Brizzarda, et. al., 2015) , IR THEICESWTEK L2 O TH
Do, BELIIHIOMTHEERELZRS 1 SOEE L L CHRAEOEEZ AW Z &
IFEETH D, BAMEOIRIEAZ MWD Z & T, [REMZGHE T LAaMEH S 72 nWRBLTldk
L BxRGETHEASN aalr—Ta b BB/RTHILENTE D, LLERS, FHF
OHMBIPY CEHBAAEFRELZI R LIzanr—ra - T—XEy MIFEA LR, fEo

5 association measures 1T X 0 —fXAYIZ TFRBEEEFERE) TBEEEREIE) & bS5,

O BFRREDFE LWEHE HFIEIZ DWW TIX Evert (2008) %2, logDice {22\ Tl Rychly
(2008) E£7i%, 1E)II (2020) Z=ZH,

7 BEvert (2008) TlX Z #1% ’syntactic cooccurrence’ & F:A TUN 5,



T, AMEOT —2 2y MNEHTIX, HEICAER e r—2a VERIRT 57 0ICHEE
R E LT, HUmEREZ R LR L,

AWFIE TILBAREEFRHE & L C DP (Deviation of Proportions) % fu 728, DP (X2 — /XA
DY T A= RART 7 A N T L OFBEREBEBICANTZ LT, HY 7 a—"227 7 1 L
T, FFEDFEAN ENTITEFECHO LN TV D0 Z2 B LTEEETH D, 006 1 OfF
ZED . 0 ISEWIEEHFIZHONLITWD Z L AR T, BNC 1357 7 4 0% T ¥ L
DFERBHETIIRN L & RRT — 2 2B LR TWER RN L 2BE L, Rl
W HERHIfE SR T D DP &AWL TIXHD Adviz,

DP Z#HHT HIdhT= o TiE, 23— "ANEIOFEAEZ ED 2 LN H 503, 48X BNC O
T x VAT IZAE > T, British National Corpus XML edition Tl classCode D % 7 NIZ4 7 7
ANDT X VAPRRINTND, FTH2BR LIy VT LIS 52 & T Vv v

DRFEL L. KV v L MR BT O 7 — 2 280 H L DP 25 H L7,

3.4 CEFR-J Wordlist ® ¥

SElOavlr— gy URANEERT HEOFEL~ERIL, 39— v "SRR IESR
Fr (CEFR) % HARODOIEFEHE 2w L= CEFR-] 7 u ¥ =7 h THEE S 7= CEFR L ~L
HFEH#EF: CEFR-J Wordlist Version 1.6°% H\ 7= (37, 2013), U7 U7 Bl OHRGEHFE
SIHTE L ONESL O CEFR GEHERT — ¥ Z g L CFEGERER L L TR SN H DT, Al
N5 B2 i’( 7801 5& (faiBll OFEH, KB Tl 6868 §&) Zi®E L T\ 5, CEFR-J Wordlist
ZHWS Z LEATNOEHFED CEFR VNV EZBRT A2 ENTE Aisraur—
vayﬁ7whm® ERENOHFETEDRENI N—TEX %), BEROHELZIZOTD
ZEoEENE, au—va K BIERE - ﬁ%&®ﬁi%ahbto

4. T—HAty FOBE

AEHTIIAEEF Lican s —yvay -7 =%ty NOWMEZHHAT L, AT —FEv b
DHICE ENDERIT. K1 DL TRIND X ICHIERT OWE (wl, w2), AL
#?® CEFR-J L~ (wl_CEFR, w2 _CEFR). #:i& 7 L — A (relation). Hj#HE

(cooccurrence) , L 7 L— ANTORMERNHEOHE (wl_in_rel, w2_in_rel), A5
1= (DP)., HIFFEAEEE (expected_freq) . JLEFFHEE (MILE) Tho, B T5HEY
DO 7 L — 24 (amod, obj, nounmod, advmod_verb, advmod_adj) %4 — MI3iF T
WD, PNRT VT —F YA RZT 57D, kL TWbaur— g o7 —& 33
FE 5 VL Edo, LEAEENIFEMEE L E (cooccurrence = expected_freq) @ % DIZER
ELTNDHI0, KF—HEy MRS TWAIETREIIER 2 0@EY Th b,

§ DP 2OV T OFE LW BRFH R 751X Gries (2008) &2 M,
9 http://[www.cefr-j.org/download.html#cefrj_wordlist

10 ZRUTIRE L7 — 2 20T AT 2, S,



F2 7L L) HE~TE

EE7L—A EESTH
&+ H#IEE (b)) 114,582
T4 + 445 (amod) 135,940
45+ 4% (nounmod) 72,340
fllE -+ ®@)5] (advmod_verb) 43,992
fllE + A (advmod_adj) 16,180
aF 383,034
B C D E F G H I J K L M N
1 wi l w2 leCEFR | w2,CEFR‘ relation l cooccurrence ‘freq,wI lfreq,wZ wl_in_rel l w2 in_rel ‘ DP expected freq MI ‘
2 |last year A2 Al amod 14280 78446 176485 59008 52433 0.388692426 596.355765  4.58167892 1!
3 [first time Al Al amod 8622 124338 189496 78511 56321 0.205860426 852.2964632 3.338595312 1I
4 last night A2 Al amod 8575 78446 38745 59008 13826 0.608845761 157.2523946 576898278 1!
5 same time Al Al amod 7641 61855 189496 48995 56321 0.162705428 531.8778924 3.844594483 1I
6 local authority A2 B1 amod 7152 47279 28451 43662 14385 0.525139906 1210607364 5884543799 1!
7 long term Al B1 amod 6467 82846 46578 38307 19778  0.329249197 146.0327737 546873252 1!
8 next year A2 Al amod 6455 45646 176485 35459 52433 0.352138152 358.3612234  4.170930652 11
9 | other hand Al Al amod 5578 182918 59458 128190 14167 0.279434234 350.0433741 3.994142331 1I
10 last week A2 Al amod 5503 78446 48163 59008 14998 0.513578273 170.5823387 5.011678139 1
11 |many people Al Al amod 4966 89532 117876 64619 40160 0.247660507 500.2000801 3.311507068 1!
12 long time Al Al amod 4652 82846 189496 38307 56321 0.244187168 4158515445 3.483710601 1!
13 other people Al Al amod 4535 182918 117876 128190 40160 0.200474189 9922878452  2.192271964
14 young man Al Al amod 4156 35531 93946 26878 31477 0.373086437 1630722651 4.671612316 11
15 great deal Al A2 amod 4061 66218 28841 52014 7528  0.18531049 7547266468 5749737005 1°
16 nineteenth century - A2 amod 3959 4207 27308 4058 24393  0.472953046 19.07950391  7.696968597 1!
17 young people Al Al amod 3762 35531 117876 26878 40160 0.369457095 208.0561097 4.176455289 1(
18 many year Al Al amod 3614 89532 176485 64619 52433 0.219059021 653.0625199  2.468303489 1.
19 high level Al A2 amod 3592 64571 41241 44473 18363 0.345744296 157.4091162 4.512196349 11
20 past year B1 Al amod 3521 26267 176485 9267 52433 0.364867557 9365558693 5.232476357 1°
21 large number Al Al amod 3500 49196 61044 42006 14692  0.345426329 118.9548264 4878869209 11
22 few year A2 Al amod 3453 46810 176485 38943 52433 0.198886735 3935717624 3.133151714 1.
23 other word Al Al amod 3411 182918 42876 128190 12459  0.35514389 307.8414906  3.46993516
24 old man Al Al amod 3333 69388 93946 48501 31477 0.411698942 2942617728 3.501649277 1!
25 next week A2 Al amod 3328 45646 48163 35459 14998 0.488149559 102.5060864 5020873955 1!

1 zuhr—agy - FT—%%y hOYV U7 VHEE

5. T—4ty crERLRAEH

AR CHEA LTe T — &y M, FHESLHMP FSXR&Eansr—va U EERT S
TODERE L TR TDHZ EEBEELTODN, HFEAMLE D, O HMIZIN U T~
BRRARAIRRTH A H, AETIEFEICAEHRan s —2a VBROTEDIHERTHZ &
ZERFAICEWZ O X T, HEWICER2anr—ya Y EMHT 220K T—4% Y
EEDLIICHOWDIONR L WNEZ D00, SR EETTH,

anl— g U ERIRT 57203 ERBEERS AM ° DP OfEZ VW TY — L7z BT,
FOHFRNLHERENMLETHD BN LDOERIRTLONEARTH DL, TORRICE
D AM ZEHT 200, BEYRIRNUETH D, £7-, DP & H =) e JEEME CTH R
PRAEFTHZ LT, WEMAES AM OFEIZE WD, FFEDY ¥ V> T\ b b D %R
NT D ENTED, DEVEY)E AM ORI E DP OEOEHEEE B 2 D VLERH D, 1
STUTFD 2 REHREST 5,

1. K=ty haHWTHEWZHEH o r—ra VAT 212380 AM 2 H
UND DI,



2. KTF—HFtvy heHWEHEWCHEH aalr—ya OMEIC Y72 - T, L
72 5372 DP OfEITV < D0,

5.1 d—JLFREVE—F
ang—va SAHOFEIZIE A= A2 = Feffio T FERLISHLORD
(e.g. Evert, 2008; Bhalla & Klimcikova, 2019; Evert, Uhrig et al., 2017) , AAHF4¢ 1% CEFR-J Wordlist
NOFEOMAGHLE T TCEhraus—rva VEHENICAEAanr—a v LERT D,
4 [A11% Oxford Collocations Dictionary % F )T (Mclntosh, Francis & Poole 2009) ., = OFFEIZ
FlfiA D Y . 73> CEFR-J Wordlist IZHE# SN TWAFERI LD G b0 an s —ra vk
TV RRAZ U E— R ERET D,

AENET—2 % v N ORRFHEM (amod) & AFEA (nounmod) XSG LT 5, 7—4
£ FH® amod & nounmod D AL T ¥ Fk 1 205,310 T %, Oxford Collocations Dictionary
TIE4L T+ 40 L TR+ 4 KR L Cnienied, 2o o0 T L — A& FIREC
95, BARAIZIE Oxford Collocations Dictionary D44 w & A LEEE T 5= U —DHF D
ADJECTIVE 2SN TWLHIENT Z2dR e T5, ZnICHEEToansr—var %
Oxford Collocations Dictionary 7>H&THY L7 9 2T, HWARHEFEO R FH L Il
CEFR-J Wordlist (Z72WHDZHIFRL, ol b DA A— /L RRAZ X — L Lz, d—/1

NRZ = Rblpolcanr— a3 UHIT 38362 ThoTo,

5.2 AM & DP O&F

FROFIETER LIz A = REAER L2 T — % > F &2 W T, n-best U
A b (A CRFE D AM OENEIZIE R—E O TR Y- 72 D) T DA (presicion;
n-best Y A RO T —)L AKX U F— ROEIE), FHBLE (recall;n-best Y A DT —/L K
AL B = RORD, A=)V FAZ = FITEDLEIG) 2R LT, AM OF)p5 3k
ELAEE (cooccurrence) . MI, MI3, t-score, z-score, logDice, log-likelihood % ZLZALH >,
precision & recall % H L7=, precision & recall @2 Z 7% DP |2 L5 REHEFERIICEKR LD
DMK 2-1 1B 2-6 TH D,
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= cooccurrence = cooccurrence
— M| = Ml
0.7 1 aweni-MI3 0.7 4= e e e e e e MI3

=1 t-score
—— Z-sCOTe
== logDice
== log-likelihood

= t-sCOre
—— Zz-5COre
== logDice
== log-likelihood

o
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|

Q
e
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e o e o e ]
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recall

.. recall
2-1 precision/recall (DP < 1) 2-2 precision/recall (DP < 0.8)



0.8
- cooccurrence - cooccurrence
—-— M - M
0.7 F=—m=mmmm e e e MiB o= 0T e L MI3
y = t-score =u f-sCOre
A — Z-SC0re — Z-SCOre
0.6 \'\. —~ = logDice — = logDice
e N— el e log-likelihood == log-likelihood
0.5
[
K]
0.4 2
o
&
0.3
0.2
0.1 0.1
0.0+ T T T T 0.0 T T T T
0.0 0.1 0.2 0.3 0.4 0.5 0.0 0.1 0.2 0.3 0.4 0.5
recall recall
2-3 precision/recall (DP < 0.7) 2-4 precision/recall (DP < 0.6)
0.8 0.8
- cooccurrence = cooccurrence
- M - M
..... MI3 0.7 wreni-MI3
=1 t-score = t-score
m— Z-SCOre — Z-SCOMe
— = logDice 0.6 = logDice
----- log-likelihood =ss= log-likelihood
0.5 1
c
o
204
o
a8
0.3 1
0.2 1 02
0.1 1 0.1
0.0 T T T T 0.0 T T T T
0.0 0.1 0.2 0.3 0.4 0.5 0.0 0.1 0.2 0.3 0.4 0.5
recall recall
2-5 precision/recall (DP < 0.5) 2-6 precision/recall (DP < 0.4)

2-1 M B[X2-6 ZRD L HIT t-score XL WVAETH D Z ENX D, fit-> THBWIC
HHZganlr—va 2RIRT 25 209 H Tl tscore ZHWDIDNREWTHAH L nvH =
ENT T IDBHEEEIND, DP<0.6, DP<0.5, DP<04 D7 7 7T TR TW DA,
ZHIEDP DEAELSFHRETHE, L Dansr—i g VBRSNS, —ELLE recall 28 |
MBI L ZERT 5, B2, DP % 04 LU FICERET D &, 2,487 OILERT L1k b
e, Tl Enbest YA FERLSTHIEIITE 2, ZOFICEENDLT—/L KR
K H— RO 1,366 TH D72, DP < 0.4 DA D recall 135 3.6% %252 &g
W, - T, DP<04°DP<05 IS _REaar—2a D) bDEL B4 T2 41
5,

77 71200 TIEEARR 228Ul T AM » DP ORlAE 2 795 2 & 23 TE AR\ /2, precision
& recall DB D AM « DP OAEZ b L CRMB L 72 b 023K 3 TH D, £ 3 D AP30
I% recall = 0.3 £ TO precision D FE¥IETH %, Evert, Uhrig et al. (2017) 1%, recall = 0.5 £



TO precision DYEETEH S APSO IZXL > THEFEO a7y — a VHEORMT 21T > T
WAHR, FEHMTOamr— a VT i%iﬁ’%%‘ié%gﬂd@é ZEHEBEL, recall =
0.3 |ZF%E L7=, DP OfE% 0.5 KlilZ5%ET 5 & recall 23 0.3 (21X S 72\ 72D AP30 (X DP
<1.0, DP<0.8, DP<0.7. DP<0.6 ® 4 > D FUEE R ’”Hjuto

# 3 DP DHEHEER] AP30

DP AM AP30

DP<1.0 JLHCHHEE (cooccurrence) 54.2%
MI 9.7%
MI3 30.9%
t-score 56.5%
Z-score 17.3%
logDice 21.6%
log-likelihood 45.2%

DP<0.8 HACHEE (cooccurrence) 56.7%
MI 21.0%
MI3 43.9%
t-score 60.5%
Z-score 31.3%
logDice 36.8%
log-likelihood 53.3%

DP<0.7 HACHEE (cooccurrence) 57.6%
MI 30.4%
MI3 49.7%
t-score 62.1%
Z-score 39.9%
logDice 45.3%
log-likelihood 56.7%

DP<0.6 JLHCHHEE (cooccurrence) 57.2%
MI 45.8%
MI3 55.1%
t-score 62.0%
Z-score 51.1%
logDice 54.9%
log-likelihood 59.3%

DP OFEMEERNC R CTH D L, 0.7 ICEEEZRET HONEYITH S & Bbivd, AP30 T
B EVMEA S DILDP < 0.7 D t-score D THDH, DP<0.61ZTDHE, DT NTHD
M3 t-score D AP30 DN TN %, D AM %, DP DL A KL RET DIF ERAENBR L 2o
TWBZ ENRGMNBN, tscore DIEZ B Z D Z E1E720N,

UbDZ L AaBFE 2D LEARMITIZIDP <07 BYICHETDONZYUTHLEEZ DN



LN, FEBITIRRE R DFEEDOLVVIGE LT, BIRT baur— 3 VORITKS =
LD, TOHADP<0.6°DP<05IZHETDHIELEZDLILDMN, t-score Zfifi 7
L8 E1E, DP RS ELMLERLDOERIALTLESI L EEXDH L, R1FY DP<0.7
STV NEYBRBRIIBRDLTHA D,

HLHAAMBRLERDLFEEFESLT —H 1y FOFEHOHMIZE > T, AM X DP % DOfly
DIFEROMBHEIT A TH D, MG LRDHFEET VAR EWGETX, MI X logDice D
EHWLZ b aEZROND, O ORHEFIZSEIC, AL TR —
v al % CEFR LNV EIR L TGRETZXDDONIDOT —HX—ADHHMETHL LW 2
X9,

6. BHYIC
ARFFETIL, CEFR EHLIEEE 7R FREER & ZARRFEHEEZITH L C, I _&an s
—valfFEDTYDan s —vay T — ey MERO®RE 2TV, T —X > FNT
@DP&AM@ﬂm%ﬁoko” Ay hOMH KON DP « AM OEE R85 TORE
HENRLOTHY , HRERDZFEHEL N EEEB LIREZITO, REOL LY
Eéi 2129 2T, EoXHZpansr—ra R END0NE 0 FHICHAE ST 54 E)
HDHN, —IHEOHZE LT tscore # V), DP<0.7 IZEXET 5 &, CEFR ® A1~B2 L~
DFEETHER I NT-FZEH VAV ER 2 anr—3 a UINBEAREIZRD EEZBND,

T £
AR TIER LT — 2y he Tl T ha—RILUTOY 7 bR HAETH D,
BT —HZONTE, HEZL—ABIZ CSVERXTHRIFELTH L HD L Python 71 77
I ECPEOMH L AJBEZe pandas DataFrame OFE CTRIFL Th D, AL TWEHT — X ITAR
ZEUNZHIHT 5 2 & THEEE BRSO A EE TR FEETH 5,
(https://drive.google.com/drive/folders/1 CxLqPpALIUGTYd234siJgCOJNGv85Duw?usp=sharing)
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